The Wealth of Mexican Americans * This paper analyzes the sources of disparities in the relative wealth position of Mexican Americans. Results reveal that wealth gaps are in large part not the result of differences in conditional expected wealth functions. Similarly, income differentials are important, but do not play the primary role in explaining the gap in median net worth. As much or more of Mexican Americans' wealth disadvantage is attributable to the fact that these families have more young children and heads who are younger. Furthermore, Mexican Americans' low educational attainment has a direct effect in producing a wealth gap relative to other ethnic groups (even after differences in income are taken into account) though education does not significantly affect the nativity wealth gap. Finally, geographic concentration is generally unimportant, but does contribute to narrowing the wealth gap between wealthy Mexican Americans and their white and black counterparts.
Introduction
Over the decade of the 1990s, more than 2.2 million immigrants to the United
States-approximately one in four-came from Mexico. Many other Mexicans entered the U.S. as temporary residents, while the Mexican population illegally resident in the U.S. has been estimated to be increasing by just over 150,000 individuals each year (USINS, 2002) . 1 This large-scale migration of Mexicans in conjunction with relatively high fertility rates has made Mexican Americans one of the fastest growing ethnic groups in the United States. Between the 1990 and 2000 censuses, the Mexican American population grew by 52.9 percent, while the overall U.S. population increased by 13.2 percent and the white, non-Hispanic population grew by just 3.4 percent. 2 With an average household income that is more than 40 percent below that of non-Hispanic whites, Mexican Americans are one of the most economically disadvantaged groups in the United States (Grogger and Trejo, 2002) . The low income of Mexican American families appears to stem primarily from low wagesas opposed to lower participation rates, higher unemployment rates, or shorter work weeks (Reimers, 1984; Trejo, 1997 )-and many authors point to a relative lack of formal education as the primary cause of the wage gap between Mexican Americans and other workers (Trejo, 1997; Grogger and Trejo, 2002) . As a group, Hispanics also have lower levels of net worth (for example, Hao raising the possibility that it is geographic clustering and the characteristics of speci…c housing markets that lie behind a lower propensity to hold wealth in the form of housing. 4 There may also be a cultural basis to savings behavior and the propensity to hold particular assets. Chiteji and Sta¤ord (1999) , for example, postulate that portfolio choices are in ‡uenced by a "social learning process" whereby parental decisions to hold certain kinds of assets in ‡uence the subsequent choices of their children. 5 Similarly, there are clear ethnic di¤erentials in both expenditure patterns (Paulin, 2003; Bahizi, 2003) and attitudes toward money (Medina, et al, 1996) that are not solely the result of di¤erences in the demographic composition of various groups. Finally, Mexican Americans are themselves a heterogenous group. Approximately one in two Mexican Americans is foreign-born and the evidence suggests that foreign-and U.S.-born Mexican Americans are two distinct groups with very di¤erent skills and labor market opportunities (Grogger and Trejo, 2002) . 6 Disparity in earnings potential and di¤erential incentives to save and consume out of current income imply that both the level of wealth and the portfolio choices of immigrants are likely to di¤er from those of the native born data. These data are unique in providing information on both household wealth holdings and immigration history allowing us to separately consider the wealth of foreign-and U.S.-born Mexican Americans. This level of disaggregation is a signi…cant advantage over previous research that tends to consider Hispanics as a single group. We pursue a semi-parametric decomposition approach proposed by DiNardo, et al. (1996) which -unlike the standard Oxacca-Blinder approachallows us to consider the entire wealth distribution. This enables us to decompose the wealth gap into its various components at multiple points (in our case, deciles) of the distribution and to consider a decomposition of the relative spread (i.e, the 50-10 gap) of wealth.
Our results reveal that wealth gaps are in large part not the result of disparities in conditional expected wealth functions which, in many cases, serve to narrow rather than widen wealth gaps. Similarly, income di¤erentials are important, but do not play the primary role in explaining the gap in median net worth. As much or more of Mexican Americans'wealth disadvantage is attributable to the fact that these families have more young children and heads who are younger. Furthermore, Mexican Americans'low educational attainment has a direct e¤ect in producing a wealth gap relative to other ethnic groups (even after di¤erences in income are taken into account) though education does not signi…cantly a¤ect the nativity wealth gap. Finally, geographic concentration is generally unimportant, but does contribute to narrowing the wealth gap between wealthy Mexican Americans and their white and black counterparts.
The details of the SIPP data are discussed in Section 2, while information 3 about the relative wealth of Mexican Americans is provided in Section 3. Section 4 lays out our decomposition approach, while estimation results are presented in Section 5. Our conclusions and suggested directions for future research are discussed in Section 6.
The Survey of Income and Program Participation
This paper exploits data drawn from the 1984, 1985, 1987, 1990, 1991, 1992, 1993 and 1996 surveys of the Survey of Income and Program Participation (SIPP). Each survey is a short, rotating panel made up of 8 to 12 waves of data -collected every 4 months -for approximately 14,000 to 36,700 U.S. households. Thus, a typical survey year covers a time span ranging from 2 1/2 to 4 years. Most SIPP panels did not sample di¤erent subpopulations at di¤erent rates, however, the 1990 and 1996 panels are exceptions in which low-income households were over sampled. 7 Each wave of the survey contains both core questions that are common to each wave and topical questions about a particular topic (for example, household assets and immigration history) that are not updated in each wave. In our case, immigration information (including region of origin and year of immigration) is collected in the second wave of each survey 8 . Household wealth information is generally collected in Wave 4 or Wave 7. 9 SIPP data are not usually thought of as the best source of information for studying trends in wealth holdings in the United States. The Survey of Consumer Finance (SCF) inarguably provides a more comprehensive picture of the wealth distribution of American households than do alternative data sources -such as SIPP -which measure the upper tail of the wealth distribution particularly poorly (see Juster and Kuester, 1991; Juster, et al., 1999) . Unfortunately, SCF data do not identify foreign-born individuals. The Panel Survey of Income Dynamics (PSID) is an alternative data source which does collect information 4 about immigration histories. Given its sampling frame, however, the PSID is not particularly useful for studying the foreign-born population in the United
States before 1998 when a representative sample of 491 immigrant families was added to the survey. As only one wealth module has been collected since then -in 1999 -examining the wealth holding of immigrants in the United States using PSID data is limited to cross-sectional evidence from a relatively small sample. 10 The Health and Retirement Survey (HRS) provides wealth information and identi…es immigrants. However, HRS data lack region of origin information and are restricted to households whose head was between 51 and 62 years in 1992 the initial year of data collection. Similarly, National Longitudinal Survey (NLS) and National Longitudinal Survey of Youth (NLSY) data shed light only on the wealth holdings of speci…c birth cohorts.
Given the heterogeneity within the Mexican American population it is important to control for nativity. By pooling data from all of the years in which the SIPP collected both wealth and immigration information, we are able to build a data set which contains a much larger number of native-and foreign-born Mexican American households than the PSID or NLSY. While our data will have little to say about the wealth holdings of the very rich, they are quite useful for studying the behavior of the middle class .
The SIPP wealth data come from a topical module on household assets and liabilities. Speci…c asset variables contained in the SIPP data include: interest earning assets (held in banking and other institutions), equity in stocks and mutual fund shares, IRA and KEOGH accounts, own home equity, real estate equity (other than own home), business equity, net equity in vehicles, business equity and other assets not accounted for in previous variables (including total mortgages held, money owed for sale of business, U.S. savings bonds, checking accounts and other interest bearing assets). Liabilities include both debts secured by any assets and 5 unsecured debts (including liabilities such as credit card or store bills, bank loans and other unsecured debts). The SIPP wealth module, however, does not cover any future pension rights such equity in private pension plans or social security wealth. 11 The SIPP wealth module also does not speci…cally gather information about assets held o¤-shore. 12 Our estimation sample includes couple-headed, native-born and foreign-born households in which the reference person is between 25 years and 75 years old.
Native-born households in our sample are either white, black or Mexican American. A household is considered to be white if both partners self identify as being white of non-Hispanic origin (or descent). 13 Black households include all households in which both partners are native-born and self identify as blacks. Nativeborn Mexican American households include all households whose respondents are native-born and identify themselves either as being of Mexican-American, Chicano or Mexican origin (or descent). Foreign-born Mexican American households are those households in which both partners are born in Mexico to non-U.S. parents.
We have eliminated from our sample 1828 mixed, native-born households 14 and 256 mixed, foreign-born Mexican American households 15 . The resulting sample contains a total of 55,231 native-born, couple-headed households and 1,157
Mexican-born, couple-headed households. Amongst the 55,231 native-born households 50,338 are white, 4,014 are black and 936 are Mexican American. Table 1 reports for each ethnic group, mean and median household net worth, mean household current income and mean household demographic characteristics. 16 As expected, the mean (and median) net worth of native-born households reveals a great deal of heterogeneity across ethnic groups. In particular, the mean net worth of white households ($133,069) is more than twice that of both Mexican Americans ($55,423) and black ($45,445) households. Black households are the least well o¤ among all native-born households with a median net wealth 6 ($23,278) about three times lower than that of whites ($76,685). However, Table 1 also reveals that black households are nevertheless doing signi…cantly better than foreign-born, Mexican American households whose mean ($29,702) and median net worth ($6,276) are substantially lower than that of blacks. As expected, white households have the highest average current income ($15,364) of all groups considered. Interestingly, the average current income of black households ($11,758) is higher than that of both native-born ($10,259) and foreign-born Mexican Americans ($6,895). Foreign-born Mexican Americans are by far the most disadvantaged group both in terms of wealth holdings and current income.
To illustrate how wealth varies across the distribution, we plot the weighted kernel density estimates of the observed cumulative distribution of net worth for each group in Figure 1 . 17 These are the wealth gaps we are seeking to explain. Table 1 ).
Households'demographic characteristics reveal that foreign-and native-born Mexican American households are on average younger, less educated and have more children (under the age of 18) than both white and black households. 
Estimation Methodology
Our interest is in developing an estimation strategy that allows us to shed light on the source of the wealth gap between Mexican Americans and other groups.
One obvious approach would be to use a standard Oxacca-Blinder decomposition to assign the di¤erence in the mean net worth of Mexican Americans and some comparison group into one or more components that are "explained"by the households'observed characteristics and another "unexplained" component that arises from di¤erences in accumulated wealth conditional on those observed characteristics. This is the approach that has widely been used in previous studies of the black-white wealth gap in the United States (see, for example, Blau and Graham, 1990; Gittleman and Wol¤, 2000) .
In our case, the Oaxaca-Blinder decomposition is less than ideal for two reasons. First, it would require that we specify a parametric model of the relationship between wealth and our independent variables-most notably income. Barski, et al. (2002) , however, argue that the relationship between wealth and income is of unknown, non-linear functional form that is di¢ cult to parameterize. Unfortunately, the Oxacca-Blinder decomposition will not yield valid results unless we can adequately approximate the wealth function over the relevant income range.
Second, the large proportion of individuals with nonpositive net worth and the overall skewness of the wealth distribution itself imply that decomposing the gap 8 in mean net worth may be less informative than decomposing other aspects of the gap in wealth distributions (for, example in the medians or in the proportion of individuals with positive net worth).
To avoid these di¢ culties, we pursue a semi-parametric decomposition approach proposed by DiNardo, et al. (1996) . This approach is similar in spirit to the Oxacca-Blinder decomposition in that we will be constructing a series of counterfactual wealth distributions. The di¤erence between the actual wealth distributions of various groups and these counterfactual wealth distributions form the basis of the decompositions underlying our empirical results. 18 
Decomposition of the Wealth Gap
We begin by de…ning M to be a dummy variable indicating group membershipwhich for convenience we shall refer to as "Mexican American status". Further, w is wealth and z is a vector of wealth determinants. Each observation in our data is then drawn from some joint density function, f; over (w; z; M ). The marginal distribution of wealth for group j is given by: 19
where j equals 1 for Mexican Americans and 0 otherwise.
In order to consider the source of disparities in the net worth of di¤erent groups, we will partition the vector of household wealth determinants (z) into four components: 1) income (y); 2) educational attainment (e); this portioning, we can write the wealth distribution of group j as follows:
Equation (2) When the conditional expectation function is linear in its relevant arguments, these conditional expectations are closely related to regression functions (see Butcher and DiNardo, 1998). We can, therefore, loosely think of f as re ‡ecting a set of wealth determinants and f yjerd as re ‡ecting a set of income determinants, etc. 20 Expressing the wealth distributions as we have in equation (2) 
Equation (3) Using these counterfactual distributions, we can decompose the wealth gap between our comparison group and Mexican Americans in the following way:
In the equation (4), the …rst right-hand-side term captures the e¤ect of disparities in conditional income distributions on the wealth gap. Similarly, the second term re ‡ects the e¤ect of di¤erences in educational background, while the third and fourth capture the e¤ects of geographic concentration and demographic composition respectively. Finally, the …fth term arises from di¤erences between the conditional (on z) wealth functions of Mexican Americans and the comparison group.
In order to implement the decomposition given in equation (4) it is necessary to have estimates of counterfactual distributions f A through f D . DiNardo, et al.
(1996) provide a method for obtaining these and other counterfactual distributions by "reweighting" the wealth distribution of our comparison group. Speci…cally, our …rst counterfactual wealth distribution can be constructed as follows:
In e¤ect, the wealth distribution of the comparison group is simply reweighted by the ratio of conditional expected income functions of the two groups. Following DiNardo, et al. (1996) , we can write the reweighting factor required to produce the counterfactual wealth distribution f A as yjerd = P (M = 1jy; e; r; d)P (M = 0je; r; d) P (M = 0jy; e; r; d)P (M = 1je; r; d)
Counterfactual distributions f B , f C and f D are constructed similarly. 
Alternative Decompositions
As with the standard Oaxaca-Blinder decomposition, the decomposition given by equation (4) is not unique. Ultimately, choices about which decompositions are more useful depend on our ability to sensibly interpret the resulting components and to use them to better understand the source of the wealth gap. In our case, there are two separate issues. The …rst is whether we generate our counterfactual distributions by reweighting the wealth distribution of the comparison group or that of Mexican Americans. The second is the order in which we choose to consider the speci…c components of the vector of wealth determinants (z). We will discuss each of these issues in turn.
It is well-known that the results of the standard Oxacca-Blinder decomposition are often quite sensitive to whether one evaluates the di¤erence in coe¢ cients-the "unexplained" component-using the characteristics of the …rst group, the second group, or some weighted combination (see, Cotton, 1988) . 22 The same issue arises here. In equation (4) the di¤erence in conditional expected wealth distributions (the …fth right-hand side term) is evaluated using the conditional expected income and demographic distributions of Mexican Americans. 23 We could also have chosen to estimate our counterfactual distributions by reweighting the Mexican American wealth distribution rather than by reweighting that of the comparison group.
This would have resulted in a decomposition in which the disparity in conditional expected wealth distributions was evaluated using the conditional expect income and demographic functions of the comparison group.
In our data, the income distribution of Mexican Americans is often considerably narrower than that of the comparison groups we will be considering. 24 Barski, et. al. (2002) The second issue arises because we have explicitly accounted for several different components of the wealth gap. 26 The di¢ culty is that the proportion of the wealth gap accounted for by each of these factors will depend on the order in which we consider them (DiNardo, et al., 1996) . Furthermore, the number of possible sequences to be considered increases dramatically as we add components to the vector of wealth determinants. Using equation (4) to decompose the wealth gap between groups into four components leads to 24 (4!) relevant orderings. We have no particular preference for one ordering over another. Consequently we will calculate each in turn and present results averaged across all possible orderings. This corresponds to the Shapley decomposition rule advocated by Shorrocks (1999). 27 
Estimation
The remaining practical issue is how best to obtain the reweighting factors corresponding to^ yje;r;d which are required to calculate the counterfactual distributions of interest. 28 . 29 In particular, the adaptive kernel density estimate is given by:f
where
so that the local bandwidths are proportional to the square root of the underlying density function at the sample points (see Van Kerm, 2003 for details). The weights w i are equal to the product of the sampling weights and the relevant reweighting factor (see Section 3.1). 30 
Understanding the Source of the Wealth Gap
Our interest is in understanding the source of the wealth gap between Mexican Americans and other groups. Four separate factors are considered: 1) income;
2) educational attainment; 3) geographic concentration; and 4) demographic composition related to stage of the lifecycle. SIPP data do not provide a measure of permanent income so our focus will be on current income. Robustness testing (see Section 4.4) suggests that our substantive conculsions are not driven by the choice of income measure. 31 Given the di¤erences in their labor market skills and economic opportunities, we will consider foreign-and U.S.-born Mexican Americans separately. These two groups of Mexican Americans will be compared to each other and to two native-born comparison groups: non-Hispanic, white and black households. Shorrocks, 1999) . Bootstrapping methods were used to calculate standard errors. 32 
Mexican Americans versus Whites
We begin by considering how those factors producing wealth disparities di¤er across ethnic and racial groups. To that end, decompositions of the wealth gap between native-and foreign-born Mexican Americans on the one hand and white households on the other are presented in Tables 2 and 3 respectively. Consistent with previous evidence (Hao, 2003) , white households are wealthier than Mexican American households. 33 The wealth gap between native-born Mexican American and white households is sizable, almost $48,000 at the median and more than $164,000 in the 90th percentile of the distribution. (See Table 2 .) Not surprisingly, the wealth gap faced by households which have migrated from Mexico is even larger. For them the gap in median net worth is more than $70,000, whereas the gap in households'wealth at the 90th percentile approaches a quarter of a million dollars. (See Table 3 (Medina, et al, 1996) . Such di¤erences in attitudes (which are unaccounted for in our analysis) would be expected to increase the role of the conditional wealth functions themselves in explaining the wealth gap. However, we …nd no evidence of such an e¤ect and indeed for households at the bottom of the wealth distribution, di¤erences in wealth determinants narrow (rather than widen) the wealth gap.
Income disparities also explain relatively little of Mexican Americans'wealth disadvantage, even at the top of the wealth distribution where the magnitude of the wealth gap is very large. 34 While di¤erences in conditional income functions explain somewhat more-as much as one third-of the wealth gap between foreignborn Mexican Americans and whites, it remains the case that as much or more of Mexican Americans' relative wealth disadvantage is accounted for by di¤erences in education and the demographic composition of households.
Speci…cally, between one third and one half of the wealth gap between Mexican Americans and non-Hispanic whites arises because of di¤erences in the conditional (on geographic concentration and demographic characteristics) education distributions of groups. In other words, given the same geographic distribution and household demographic composition, Mexican Americans-both native-and foreign-born-obtain less education. This relative lack of educational attainment contributes to producing a gap in net worth-even after controlling for di¤erences in current income-that is quite large throughout the wealth distribution. Disparity Di¤erences in the demographic composition (in particular, in the age of the household head and the number of children present) also contribute to signi…-cantly widening the wealth gap, particularly for foreign-born Mexican Americans.
At the median, fully 21 percent of native-born and 32 percent of foreign-born Mexican American's wealth disadvantage is attributable to the fact that these households have more young children and heads who are younger. In both cases, the wealth gap stemming from di¤erences in demographic characteristics is larger in magnitude than that stemming from di¤erences in conditional income functions.
Demographic characteristics are also important in explaining the wider dispersion of wealth amongst white households.
Finally, the di¤erential in geographic concentration plays a much smaller role than these other factors in generating the wealth gap between Mexican Americans and non-Hispanic whites. At the same time, it is interesting that for both nativeand foreign-born Mexican Americans geographic concentration serves to widen the gap in net worth at the bottom of the wealth distribution, but narrow it at the top of the wealth distribution leading to a narrowing of the relative wealth dispersion. This may suggest that geographic clustering in states such as California bene…ts those wealthier Mexican Americans who can access the relatively expensive homeownership market, but is detrimental to those who cannot.
Mexican Americans versus Blacks
The wealth gap between native-born Mexican Americans and blacks is negative (though relatively small and occasionally insigni…cant) throughout the entire wealth distribution, indicating that Mexican American households hold higher levels of net worth than do black households. (See Table 4 .) 35 
Native-versus Foreign-Born Mexican Americans
The decomposition of the wealth gap between native-born and foreign-born Mexican American households is presented in Table 6 . This comparison is of particular interest because it allows us to focus speci…cally on the role of nativity holding 
Robustness Testing: The Role of Permanent Income
Our results are striking in that current income-while important-typically is less important than education in explaining the wealth gap between Mexican Americans and other groups. One possible interpretation of these results is that current income is simply less important than permanent income in explaining wealth. After all, life cycle theory suggests that it is the permanent component of income upon which savings and consumption decisions-and ultimately wealth accumulation-are based. Similarly, the relatively large education e¤ect might arise because education is more closely related to permanent (as opposed to current) income. Since we do not take permanent income into account, some of the education e¤ect we are measuring might be attributable to a permanent income e¤ect.
Unfortunately, given the shortness of the SIPP panel, the data do not provide a particularly good measure of permanent income. In other work using SIPP data we have used predicted income as a proxy for permanent income when estimating wealth equations (Cobb-Clark and Hildebrand, 2002). Here using predicted income (based on factors such as age, education, geographic location, etc.) tends to confound the interpretation of the decomposition itself. Consequently, we have chosen to present decompositions based on current household income. At the same time, if predicted income is a reasonable proxy for permanent income then replicating the decomposition analysis using a predicted income measure can shed light on the extent to which the e¤ect of the education component might be overstated (and the income component understated) because of the omission of a permanent income measure.
We …nd that using predicted rather than current income reduces the educationrelated wealth disadvantage that both native-and foreign-born Mexican Americans face relative to blacks. 38 At the median, for example, the education component for foreign-born Mexican Americans falls from 88.8 percent of the gap (Table 5) to 70.7 percent of the gap, whereas for native-born households the proportion of the gap accounted for by education changes from -167.8 percent (Table 4) Thus, it does not seem to be the case that a permanent income story completely explains the large role of education in explaining relative wealth positions. In all cases, the results using the two income measures are remarkably consistent and there remains a large direct role for education in producing wealth gaps even when we consider predicted rather than current income. This is perhaps not surprising given the direct role that education plays in driving wealth levels (see, Hurst, et 
Conclusions
Racial and ethnic disparities in wealth levels are much larger than corresponding disparities in income levels. Yet despite decades of research directed towards understanding the processes which give rise to racial and ethnic income di¤erentials, we know relatively little about how these income di¤erentials are in turn re ‡ected in the immense wealth disparities between groups. Taxing data requirements and the inherent complexities in the underlying earnings, savings, and consumption decisions that form the wealth accumulation process have traditionally made it di¢ cult to advance our understanding of the causes of racial and ethnic wealth disparities. This is unfortunate because wealth provides the resources necessary to maintain consumption levels in the face of economic hardship and consequently is an important measure of overall economic well-being.
Our goal has been to shed light on the sources of the disparity in the rela- These results are at odds with much of the previous literature which points to a larger role for divergence in conditional wealth functions in explaining the racial wealth gap (see Blau and Graham, 1990; Gittleman and Wol¤, 2000) . In the case of Mexican Americans, the story seems to largely be one of di¤erences in family structure, educational attainment, and household income all combining to produce divergence in net worth. Low education plays a particularly important role in generating lower levels of wealth, lending even more weight to the previously documented link between relatively low educational attainment and poor economic outcomes amongst Mexican Americans. 4 Previous research suggests that location decisions are important in explaining the homeownership gap between immigrants and natives (Borjas, 2002) and between blacks and whites (Long and Caudill, 1992) . 5 Charles and Hurst (2003) …nd evidence of intergenerational similarity in the propensity to own certain assets. This relationship persists even after controlling for the income, wealth, and risk tolerance of parents and children suggesting that children 1) mimic the behavior of their parents or 2) have similar preferences. In related research, Carroll, et al., (1994; investigate whether there is a cultural basis to the saving behavior of immigrants to Canada and the United States. 6 A futher 20 percent of Mexican Americans have at least one parent born outside the United States. In contrast, only about 13 percent of whites and 9 percent of blacks are …rst or second generation Americans (see Grogger and Trejo, 2002) . 7 See the SIPP web page (http://www.sipp.sensus.gov/sipp/). 8 The exceptions are the 1984 and 1985 surveys in which migration histories 33 were collected in Waves 8 and 4, respectively. 9 In the 1985 and 1996 surveys the wealth module was collected in Wave 3. 10 The core sample of the PSID collects socio-economic information on U.S. households since 1968. As a result, the core sample of the PSID does not include any immigrants who arrived in the United States after 1968. In 1990 the PSID added 2,000 Latino households consisting of families originally from Mexico, Puerto Rico, and Cuba.
11 Choudhury (2001) discusses the pension and Social Security wealth of Hispanic households captured in the Health and Retirement Survey. 12 While respondents are not explicitly told to exclude any o¤-shore assets when reporting their asset holdings, it is likely o¤-shore assets are disproportionately under-reported. This may be particularly relevant for foreign-born households and is a limitation shared by all of the aforementioned data sources. 13 Each SIPP respondent is asked to identify which of white, black, American Indian, Aleut or Eskimo, Asian or Paci…c Islander best describes his or her race.
A separate question asks individuals to identify their ethnic origin or the ethnic origin of their ancestors. We have used this ethnic background variable to identify whether the respondent is of Hispanic origin (Mexican or others). 14 We have categorized native-born households as belonging to one of the three "ethnic groups"-white, black or Mexican American. A couple-headed, nativeborn household is considered "mixed household" when each partner belongs to a di¤erent ethnic group. Using this de…nition, in our sample, about 2.5 percent of white, 8 percent of black and 17 percent of Mexican American households are mixed. Both mean net worth and mean family income of these "mixed" households di¤er signi…cantly from those of the reference person's ethnic group. In particular, preliminary analysis suggests that Mexican American "mixed" households are very similar to white, native-born households. 34 15 A foreign-born, Mexican American household is considered to be a "mixed household" when one partner is U.S.-born and the other is Mexican born. In our sample about 18 percent of Mexican-born household are mixed. Preliminary analysis also suggests that these households have wealth holdings which are very similar to that of white households. 16 Sampling weights have been used in these calculations. 17 In this case, only the sampling weights are used. 18 This approach has also been used to evaluate, for example, immigrant wages (Butcher and DiNardo, 1998), immigrant wealth (Zhang, 2002) , wealth inequality (Hao, 2003) and wealth polarization (D'Ambrosio and Wol¤, 2001). 19 To see this note that the de…nition of a conditional probability implies that f (w; z) = f (wjz)f z (w): 20 We could-for example-also express the wealth distribution in terms of the distribution of demographic characteristics conditional on income, education, and geographic concentration, i.e. f djyre ; etc: However, the conditional expectation of demographic characteristics given income and other factors is of less interest than the conditional expectation of income given these same characteristics: As we shall argue below, the choice between alternative decompositions should be guided by our interest in and ability to interpret the various components. Equation (2) allows us to consider relationships which closely parallel income, educational attainment, and migration regressions and are of inherent interest to us.
Consequently we will only consider decompositions of this form. 21 In other words, 22 Gittleman and Wol¤ (2000) estimate, for example, that 80 percent of the black-white wealth gap is explained when white coe¢ cients are used in the decom-position, but less than one third of the gap is explained when black coe¢ cients are used. Blau and Graham's (1990) results are similar. 23 Note that: 27 More speci…cally, Shorrocks proposes a general method of assessing the contributions of a set of factors in producing the observed value of some aggregate statistic in which the marginal impact of each factor is calculated as they are eliminated in succession. These marginal e¤ects are then averaged over all the elimination sequences. Shorrocks notes that the resulting formula is identical to the Shapley value in co-operative game theory, hence the name Shaply decompo-sition rule. This strategy has also been adopted by Hyslop and Maré (2003) and we thank them for pointing us to this solution to the problem. 28 In addition to yje;r;d , we also require ejr;d , rjd , and d which are similarly de…ned. There are 15 unique counterfactual distributions based on equation (2) that can be constructed using the above (or products of the above) reweighting factors. These 15 counterfactual distributions can be then combined to form the 24 relevant decompositions of the wealth gap we will consider. 29 All estimation will be preformed in STATA 8. Kernel density estimates are produced using the Epanechnikov kernel in the akdensity procedure (see Van Kerm, 2003) . 30 Weights are rescaled to sum to 1. 31 Speci…cally, we focus on the current income level of households, while the education vector includes the years of education of both partners. Geographic concentration is captured by a series of eight dummy variables based on disaggregated U.S. Census regions. Finally, our demographic vector includes the age of the head of the household as well as the number of children less than 18 living in the household. 32 Speci…cally, we use a normal approximation with 1000 replications. 33 For both groups, the gap in net worth relative to white households is signi…cant at all deciles. 34 Di¤erences in conditional income functions do contribute to explaining the higher wealth dispersion amonst white households. 35 Smith (1995) …nds similar results for Hispanic households in the HRS. 36 It is interesting that this occurs despite other evidence that by age 24 there is more variation in educational attainment amongst Hispanic men as a whole than amongst black men (Cameron and Heckman, 2001 ). 37 Di¤erences in conditional wealth distributions are signi…cant only at the 30th 37 and 80th percentiles. 38 Speci…cally, we used a detailed, group-speci…c model of income (including education of both partners, occupation, geographic concentration, household composistion, etc.) to predict income. These results are not presented here, but are available upon request. Note: Own calculation on SIPP 1984 SIPP , 1985 SIPP , 1987 SIPP , 1990 SIPP , 1991 SIPP , 1992 SIPP , 1993 SIPP and 1996 
